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We derive a general analytic approximation for pricing basket options on N assets, which is ex-
tended to analytic approximations for pricing general rainbow options, including best-of and
worst-of N asset options. The key idea is to express the option’s price as a sum of prices of various
compound exchange options, each with different pairs of sub-ordinate multi- or single-asset op-
tions. For some multi-asset options a strong condition holds, whereby each compound exchange
option is equivalent to a standard single-asset option under a modiﬁed measure, and in such
cases an almost exact analytic price exists for the multi-asset option. The underlying asset prices
are assumed to follow log-normal processes, although the strong condition can be extended to
certain other price processes for the underlying. More generally, approximate analytic prices for
multi-asset options are derived using a weak log-normality condition, where the approximation
stems from making constant volatility assumptions on the price processes that drive the prices
of the sub-ordinate basket options. The analytic formulae for multi-asset option prices, and their
Greeks, are deﬁned in a recursive framework. For instance, the option delta is deﬁned in terms of
the delta relative to sub-ordinate multi-asset options, and the deltas of these sub-ordinate options
with respect to the underlying assets. An empirical study of a particular 4-asset basket option
tests the accuracy of our approximation, given some assumed values for the calibrated parame-
ters. Then we demonstrate how to calibrate the model’s parameters to market data so that the
prices are consistent with the implied volatility and correlation skews of the assets.
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1. INTRODUCTION
The most commonly traded multi-asset options are basket options, rainbow options, best-of-N-
assets and worst-of-N-assets options. These are collectively referred to as ‘linear’ multi-asset op-
tions because they have a linear structure in their payoffs. That is, the payoff is w[f(St,K)]+ where
f is an afﬁne transformation, St is a vector of N asset prices, K is the option strike and w is +1 for a
call and -1 for a put. For example, when N = 3 then St = (S1,S2,S3) and f(St,K) = (q1S1 + q2S2 +
q3S3) ¡ K for the basket option with weights (q1,q2,q3) and f(St,K) = (S1 ¡ K,S2 ¡ K,S3 ¡ K) for
a rainbow option.1.
To our knowledge exact analytic solutions only exist for a best-of-two-assets option, which is com-
monly called an ‘exchange option’, and this only when the underlying asset prices are assumed to
follow correlated geometric Brownian motion (GBM) processes.2 This is because a linear combi-
nation of log normal processes is not log normal. Even in the case of a spread option, i.e. a basket
option on two assets with q1 = 1,q2 = ¡1, there is no exact analytic formula for the price.
There have been a number of attempts to approximate prices for standard European basket op-
tions: Levy [1992] approximates the basket price distribution with that of a single log-normal
variable, matching the ﬁrst and second moments; Gentle [1993] derives the price by approximat-
ing the arithmetic average by a geometric average; extending the Asian option pricing approach of
Rogers and Shi [1995], Beißer [1999] expresses a basket option price as a weighted sum of single-
asset Black-Scholes prices with adjusted forward price and adjusted strike for every constituent
asset, so the price is expressed as an adjusted Black-Scholes price; Milevsky and Posner [1998a]
use the reciprocal gamma distribution and Milevsky and Posner [1998b] use the Johnson [1949]
family of distributions to approximate the basket distribution; Ju [2002] approximates the ratio of
the characteristic function of the arithmetic average to the approximating variable using higher
order Taylor’s expansion. For a comparison of the performance of the above models, please refer
to Krekel et al. [2004].
Most of the above methods, based on approximating the basket price distribution or average price
options, require the basket value to be positive. Hence, they may fail when the basket has a
negative weight on one or more underlying asset prices. Models based on approximating the
basket price distribution also ignore the possibility that correlation between individual assets,
and their individual volatilities, may affect the option price. As a result their prices and hedge
ratios need not be consistent with the implied volatility skews and implied correlation skews of
the underlying asset prices.
Research on analytic approximations for pricing rainbow options includes an intuitive inductive
formula of Johnson [1987], who extends the two asset rainbow option pricing formula of Stulz
[1982] to the general case of N assets.3 Topper [2001] uses a ﬁnite element scheme to solve the
associated non-linear parabolic price PDEs for options on two asset with different payoff proﬁles.
More recently, Ouwehand and West [2006] have used the multivariate normal density approxima-
tion of West [2005] to price rainbow options on up to four assets.
1A best-of option is a rainbow option with zero strike and worst-of options may be priced as best-of options as
explained in the next section
2See Margrabe [1978]
3However, no mathematical justiﬁcation is given for this formula.
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In this paper we present a new method for approximating the price of a linear multi-asset option.
We begin by assuming each asset price follows a standard GBM process, but later this assumption
is relaxed to allow for more general drift and local volatility components. If, under their respective
asset price processes, there exists an analytic solution for every single-asset vanilla option, then
we have an approximate analytic formula for the price of a linear multi-asset option. The key
idea is to rewrite the payoff as a sum of payoffs to various compound exchange options, each
with different pairs of sub-ordinate basket options. As a result, the option price can be expressed
exactly, as a sum of prices of compound exchange options on various sub-baskets of assets. Hence
the pricing of compound exchange options is central to our work. We derive two general log-
normality conditions, a strong condition under which almost exact prices can be obtained and
a weaker condition under which prices are more approximate. Then we price the compound
exchange options using the formula of Margrabe [1978] for exchange options on assets that follow
log-normal processes.
The outline of this paper is as follows: Section 2 introduces our recursive framework for pricing
linear multi-asset options and applies the recursion to basket options, rainbow options, and op-
tions on the best-of-N assets or worst-of-N assets; Having shown that all these linear multi-asset
option prices may be expressed in terms of exchange option and basket option prices, and that
the latter depends only on the prices of compound exchange options, Section 3 explains how we
approximate the prices of the compound exchange options for the recursion that is central to this
approach; Section 4 presents our approximations for basket option prices, which are based on ei-
ther strong or weak log-normality conditions; Section 5 presents some experimental results on the
accuracy of our approximation and an example illustrating the recommended approach to model
calibration; Section 6 concludes.
2. PRICING FRAMEWORK
We shall ﬁrst introduce a recursive approach that relies on expressing the price of a European op-
tion on a basket of assets as a sum of prices of two compound exchange options. Each compound
exchange option (CEO) is an option to exchange two options. The sub-ordinate options in the
CEO are basket options, where the assets in the baskets are a subset of the assets in the original
multi-asset option. Then we show that the prices of other multi-asset options with a linear struc-
ture in their payoffs may be expressed in terms of basket option and CEO prices. This recursive
framework allows one to price linear multi-asset options by pricing various CEOs.
Consider N assets with prices St = (S1t,S2t, ...,SNt)0. Let bN = (q1S1t, q2S2t, ..., qNSNt)0 be a basket
of N assets with weights QN = (q1,q2, ...,qN), where qi are real constants. Let Bt = å
N
i=1 qiSit be the
price of the basket at any time t and VNt be the price of an option on a basket bN with strike price
K. The payoff at expiry (time T) is given by:
VNT =
£











where w = 1 and ¡1 for calls and puts respectively and K = (K1,K2, ...,KN)
0 is a column vector
of strikes such that QK = K.
Now let bm = (q1S1t, q2S2t,..., qmSmt)0 and bn = (qm+1S(m+1)t, qm+2S(m+2)t,..., qNSNt)0 denote sub-
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baskets of b of sizes m and n respectively, with m + n = N, and denote the weights vectors of the
corresponding sub-baskets by Qm and Qn. Similarly, let S0
t = (S0
mt,S0
nt) and K0 = (K0
m,K0
n). With
this notation, equation (1) may be rewritten as






Qm [SmT ¡ Km]






Qn [(SnT ¡ Kn)]









+ + [CnT ¡ PmT]
+ if  = 1,
[CmT ¡ CnT]
+ + [PnT ¡ PmT]
+ if  = ¡1,
(3)
where Cm, Pm and Cn, Pn are prices of basket call and put options on m and n assets respectively.
The role of parameter  is to ensure that the prices of the sub-baskets are non-negative, in order
to be able to deﬁne call and put options on them. That is,  = 1 or ¡1 such that Q = (Qm,  Qn)
and QmSmt and QnSnt are non-negative.
The European basket option price can then be computed as a sum of risk-neutral expectations of

















Hence, if  = 1, E1T and E2T are payoffs to exchange options on a basket call and a basket put; and
if  = ¡1, they are payoffs to exchange options on two basket calls and two basket puts with a
different number of assets in each basket. The prices of the call and put basket options Cm, Cn, Pm
and Pn are in turn computed as CEOs on their sub-baskets as above.
Figure 1 illustrates the pricing of a 4-asset basket option in this framework. It depicts a tree where
a basket option price is recursively priced as a sum of exchange option prices. Due to lack of
space, we have only shown one leg of the tree as the other leg can be priced in a similar manner.
The basket option price is computed as a sum of prices of two CEOs, one on two sub-basket call
options and the other on two sub-basket put options. In order to compute the price of the CEOs
using Margrabe’s formula, we have to ﬁrst compute the prices of the two pairs of call and put
sub-basket options. Extending this argument to the whole tree, we have to compute the prices of
one pair of CEOs on call and put two-asset sub-basket options, four pairs of CEOs on call and put
vanilla options, and four pairs of standard call and put vanilla options.









= EQ fBT ¡ Kg,







where qi is the dividend yield of asset i. Therefore, we only need to compute the sub-basket and
vanilla option prices for calls, because we can deduce the corresponding put prices using (5).
Alternatively, we can derive the put prices, and derive the call prices using (5). So, in the general
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FIGURE 1: Option on 4 Asset Basket as a CEO
Basket option on 4 assets 
S1 , S2 , S3 , S4 
Exchange option on two 
put sub-basket options 
Exchange option on two 
call sub-basket options 
Call basket option on S3 & S4 
Exchange call on 
S3 for a put on S4 
Exchange put on 
S3 for a call on S4 
Call basket option on S1 & S2 
Exchange call on 
S1 for a put on S2 
Exchange put on 
S1 for a call on S2 
 denotes sum of prices of the two daughter nodes.
case of N assets, our approach requires 2(N ¡ 1) evaluations of Margrabe’s formula to compute
the CEO prices and N evaluations of the Black-Scholes formula to compute the individual vanilla
option prices.
We now demonstrate how the prices of other European linear multi-asset options may be ex-
pressed in terms of basket option and exchange option prices. An option on best-of-N assets,
whose payoff is given by maxfS1T,S2T,...,SNTg is just a special case of a rainbow option with
K = 0. Worst-of-N assets options can be priced as best-of options by noting that
minfS1T,S2T,...,SNTg = ¡maxf¡S1T,¡S2T,...,¡SNTg.
Hence we only need to consider a rainbow option on N assets.
The payoff to such an option may be written as sum of two payoffs, one to a best-of option on a
sub-basket and the other to a compound option, as follows: Let (n1,n2,...,nN) be a permutation of
(1,2,..., N) and choose k to be some integer between 1 and N. By splitting the basket of N assets
into two sub-baskets, we have
















In the above, k determines the size of the sub-baskets and the permutation (n1,n2,...,nN) deter-
mines the assets in these sub-baskets.
For every permutation (n1,n2,...,nN) and index k we obtain a different payoff decomposition for
the the rainbow option. An illustration of two alternative decompositions, for the case that N = 4,
are given below. Obviously, the value of the payoff will be the same in each case, and the model
should be calibrated in such a way that the option price is invariant to the choice of (n1,n2,...,nN)
and k.4
4This is discussed in section 5.
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The best-of option payoff terms on the right hand side above may themselves be represented as
the sum of two such payoffs, until all sub-baskets are on one or two assets. When the sub-basket





= SjT + [SiT ¡ SjT]
+ .
For illustration consider a rainbow option on 4 assets. It is convenient to use the notation Xnit for
the price of an option to exchange asset ni for asset ni+1. Choosing (n1,n2,n3,n4) = (1,2,3,4) and
k = 2, the rainbow option’s payoff P4T may be written:
P4T = maxfS1T ¡ K,S2T ¡ K,S3T ¡ K,S4T ¡ Kg
= maxfS3T,S4Tg ¡ K + [maxfS1T,S2Tg ¡ maxfS3T,S4Tg]
+
= S4T + [S3T ¡ S4T]
+ +
£
S2T + [S1T ¡ S2T]
+ ¡ S4T ¡ [S3T ¡ S4T]
+¤+
¡ K
= S4T + X3T + [S2T ¡ X1T ¡ S4T + X3T]
+ ¡ K
= S4T + X3T + [BT]
+ ¡ K, (6)
so that the price of the rainbow option is
P4t = S4t + X3t + Vt ¡ Ke
¡r(T¡t),
where Vt = e¡r(T¡t)EQ f[BT]+g is the price of a zero-strike basket option with four assets whose
prices are fX1t,S2t,X3t,S4tg and with weights f¡1,1,1,¡1g. Recall that, under the correlated GBM
assumption, an analytic solution exists for Xit. Hence P4t may be evaluated if we know the price
Vt of the basket option; and this may be expressed in terms of CEO prices, as in (4).
The choice k = 2 leads to the simplest form of payoff decomposition for a four-asset rainbow
option. In this case, given an arbitrary permutation (n1,n2,n3,n4), a similar argument to that
above may be applied to show that the payoff decomposition is:
P4T = Sn4T + Xn3T + [Sn2T ¡ Xn1T ¡ Sn4T + Xn3T]
+ ¡ K,
so that a general expression for the price of a 4-asset rainbow option is
P4t = Sn4t + Xn3t + V4t ¡ Ke
¡r(T¡t),
where V4t = e¡r(T¡t)EQ f[BT]+g denotes the price of a zero-strike basket option with four assets
whose prices are fXn1t,Sn2t,Xn3t,Sn4tg and with weights f¡1,1,1,¡1g.
Finally, we provide an example that illustrates how to extend this argument to rainbow options
on more than 4 assets. Following the lines of the 4-asset rainbow option, the payoff to a rainbow
option on 3 assets with prices S5, S6 and S7 can be written as:
P3T = maxfS5T,S6T,S7Tg
= S7T + [S6T ¡ S7T]
+ +
£
S5T ¡ S7T ¡ [S6T ¡ S7T]
+¤+
= S7T + X6T + [S5T ¡ S7T + X6T]
+ .
Hence, the price of a rainbow option on 7 assets is given by
P7t = P3t + EQ f[P4T ¡ P3T]
+g. (7)
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3. COMPOUND EXCHANGE OPTIONS
The basket options that were used to price linear multi-asset options in the previous section are
deﬁned on a basket which may contain assets, options written on these assets or exchange op-
tions. For instance, the basket option on the right hand side of equation (6) is a compound four-
dimensionalbasketoptiondeﬁnedontwoassetsandtwoexchangeoptions. Inthecaseofasimple
basket option, equation (4) expresses its price as a sum of prices of CEOs. Since multi-asset option
prices are based on multiple CEOs, pricing CEOs is central to our framework. In this section we
derive an analytic approximation for the price of such an option, ﬁrst under the correlated GBM
assumption and then under more general assumptions for the asset price processes.
A compound exchange option is an option to exchange one option for another. In general, the
two underlying options may be on different assets, have different maturities or may themselves
be compound options. Here we describe an analytical approach to price CEOs that are written on
options on two different underlying assets with the same maturity as the CEO, as this will always
be the case for the framework described in the previous section. The key result is that the price






be a ﬁltered probability space, where W is the set of all possible events
such that S1t,S2t 2 (0,¥), (Ft)t¸0 is the ﬁltration produced by the sigma algebra of the price pair
(S1t,S2t)t¸0 and Q is a bivariate risk neutral probability measure. Assume that the risk-neutral
price dynamics are governed by :
dSit = rSitdt + siSitdWit
hdW1t,dW2ti = rdt i = 1, 2,
where, W1 and W2 are Wiener processes under risk neutral measure Q, si is the volatility of asset i
(assumed constant) and r is the correlation between them (assumed constant).
Let U1T and V1T denote the payoffs to European call and put options respectively, on asset 1 with
strike K1; similarly, let U2T and V2T denote the payoffs to European call and put options on asset 2
with strike K2. We consider compound options to exchange a European call or put option on one
asset with another. For instance, if the CEO is on two calls, the payoff is given by [w (U1T ¡ U2T)]
+,










We ﬁrst describe the price processes for the two call and put options Ui and Vi, i = 1,2. Applying







































= rUitdt + xitUitdWit, (9)
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. Similarly, for the put option price:
dVit = rVitdt + hitVitdWit, (10)









From now on we restrict our analysis to a CEO on calls, and solve for xi and Ui. We derive a
closed form solution to the CEO price by ﬁrst solving for the prices of the underlying options
Ui and their volatilities xi. Finally, our main result provides a general condition under which a
CEO can be priced by reducing it to a single-asset option price under an equivalent measure. The
solutions for the put option volatilities and prices can be derived along similar lines.
Lemma 1. Given option price process (9), xi follows a process described by:
dxit = xit
µ











are the delta and gamma of the call option with respect to underlying i.






































































































which can be rewritten as (11). 
5Since the delta of a put option is negative, we take the absolute value here. However, due to the symmetry of
Wiener process - i.e., upward and downward movements have equal probabilities - the sign of volatility does not
affect the distribution of the diffusion term hidWit. The effect of using the absolute value is to change the sign of the
correlation between the Wiener process driving the put option, and any other process.
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Dit as constant in equation (11). This is
the only approximation we make for pricing CEOs.6 Then, the (approximate) option volatility
processes are described by
dxit = xit(xit ¡ ˜ si)(xitdt ¡ dWit). (12)
Lemma 2. The solution to equation (12) is given by













2t ¡ ˜ sWit
¶¶¡1
. (13)





































(˜ s ¡ 2xt)
µ
dx
xt(xt ¡ ˜ s)
¶2
= xtdt ¡ dW +
1
2




˜ sdt ¡ dW.
Thus
yt = y0 +
1
2
˜ st ¡ Wt.

























2 ˜ s2t¡˜ sWt










2 ˜ st ¡ Wt. 
6For in the money options, siSitGit
±
Dit << (xit ¡ si). For example, in the Black-Scholes model, when S = 100,
T = 30days, s = 0.2, r = 5%, thenthevaluesare(4.13,2.5), (1.66,0.2), (0.78,4E¡04), (0.46,2.9E¡09), (0.29,3.3E¡18)
for call options with strikes 100, 90, 80, 70 and 60 respectively. For out of the money options, siSitGit
±
Dit ¼ (xit ¡ si),
which implies (xit ¡si +siSitGit
±






as constant we may derive
an approximate solution to xi irrespective of the moneyness of the option. Moreover since the pricing framework
described in section 2 only requires the weighted sum of strikes of the single-asset options on all assets to be equal to
K, we can choose the strikes such that the approximation error is a minimum. However, the approximation error will
be high when the moneyness of the option swings between in-the-money and out of the money (when the asset price
crosses the strike frequently). This can be easily avoided by choosing either low or high strike values.
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Proof. Dropping subscript i and substituting xt in equation (9) gives



























































































Substituting this in equation (15) gives































From equation (14), we can see that when the initial option volatility xi0 = ˜ si, then U follows a











Uit both tend to one. This is possible when the strikes
of the call options are chosen such that they are deep-in-the-money. Then, si ¼ ˜ si and therefore
xi0 ¼ ˜ si. Moreover, from equation (13), xit ¼ ˜ si for all t 2 [0,T].7 We call this the weak form of
log-normality condition, under which the option price process follows approximate log-normal
process. It is important to note that the weak condition does not depend on the choice of drift of
the stochastic process of the underlying asset price. However, it is necessary for si to be a constant.
This is particularly useful for pricing basket options, as discussed in section 4.
In the following theorem we provide a stronger condition under which the relative option price
follows a log-normal process. We call this the strong form of log-normality condition, and under
7An intuitive explanation of this is that the the price of a deep ITM exchange option is a linear function of the relative
price of the two underlying assets and, under the GBM assumption, the relative price distribution is log-normal. The
price of a deep OTM exchange option is approximately zero.
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this condition a CEO price may be expressed as a single-asset option price. This leads to an almost
exact solution to the price of a CEO.














then the CEO on calls has the same price as a standard single-asset option under a modiﬁed yet equivalent
measure.






















¡˜ s1Z1(T¡t) ¡ U2te

































Let dW1t = rtdW2t +
p
1¡ r2
tdW3t, where W2t and W3t are independent Wiener processes and P be










2T + ˜ s2W2t
¶
.
Let Yt = U1t/U2t and W be a Brownian motion under P. Then the dynamics of Y can be described
by
dYt = rYtdt + ˜ stYtdWt,
where ˜ s2
t = ˜ s2
1 + ˜ s2
2 ¡ 2r˜ s1˜ s2, and the price of the CEO can be written as the price of a single-asset




























The above proof shows that, under (17), the relative prices of the vanilla options behave like log-
normal processes, so that a CEO can be reduced to a simple log-normal exchange option. The
price of such an option can be easily found by change of numeraire, as in Margrabe [1978]. The
strikes K1 and K2 = (K1 ¡ K) for which the log-normality condition (17) holds can be found by
using a simple one-dimensional solver.
Theorem 4 allows one to price CEOs almost exactly when the underlying option prices satisfy
condition (17) almost exactly.8 In the next section we shall see that the theorem plays a vital role in
8The only approximation we make is to assume siSitGit
±
Dit is constant, in order to obtain an approximate option
volatility process described by equation (12). The derivation of the CEO price formula is otherwise exact. As discussed
earlier, the approximation error can be extremely small for certain strikes of the vanilla options. Since we are free to
choose these strikes, such an approximation can be justiﬁed.
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our main objective of pricing speciﬁc basket options. In its application to basket options note that
we are free to choose the strikes Ki of the underlying vanilla options of the CEOs that replicate the
basket option, as long as åqiKi = K. Therefore we may be able to ﬁnd particular strikes Ki for
which the relative price of vanilla options is log-normal. In order to demonstrate this, in ﬁgure
2 we plot the behaviour of condition (17) for two sample vanilla options. We can see that the
condition holds when the strikes of the options are equal to 65.3.
FIGURE 2: Plot of condition (17) against strike
(S1 = 75, S2 = 65, s1 = 0.25, s2 = 0.25, r = 4%, T = 6 months)










So far we have only discussed the pricing of CEOs when the underlying asset prices followed
GBM processes. However, theorem 4 may be extended to cases where the underlying asset prices
follow certain non-GBM processes. In particular, assume that the risk-neutral price dynamics are
governed by a more general three-factor model:
dSit = mi(Sit,t)dt + si(Sit,t)dWit
hdW1t,dW2ti = rdt i = 1, 2,





















the option price processes will still be given by (14). For example, this holds for afﬁne functions
mi = ai + biSi and si = ai + biSi with ai/ai = bi/bi; where ai, bi, ai and bi are real constants.
4. BASKET OPTION PRICE FORMULA
In this section we derive analytic approximations to the price of a basket option based on the
recursive approach described in section 2. In order to price the CEOs, we apply theorem 4 and this
leads to a recursive application of the log-normal exchange option pricing formula of Margrabe
[1978]. For speciﬁc examples of basket options with sizes equal to two or three, we show that our
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approach leads to an almost exact solution to the basket option price. However, when the number
of assets in the option is four or more the log-normality condition in theorem 4 is too strong. Thus
we introduce a more general, but weaker condition under which we derive approximate analytic
prices for linear multi-asset options on N assets.
4.1. Pricing under Strong Form of Log-Normality Condition
Recall that when the single-asset option price processes are described by equations (9) or (10), then
a CEO on them can be priced by dimension reduction under (17). Now consider a CEO written on
two log-normal exchange options, both having a common asset. By Margrabe [1978], the exchange
options can be equivalently priced as vanilla options on a single asset by choosing the price of the
common asset as numeraire. Then, by using the single-asset argument of section 3, the exchange
option price processes may be described by equations (9) or (10). Thus, the CEO can be priced by
applying theorem 4 under the strong log-normality condition.9
Toillustratethisweconsider2-assetbasketoptionswithnon-zerostrikeand3-assetbasketoptions
with zero strike.
(a) The payoff to a 2-asset basket option can be written as a sum of payoffs of two CEOs on
single-asset call and put options, as in section 3. Since the CEOs are written on vanilla options it is
straightforwardtocomputetheirpricesusingtheorem4underthestronglog-normalitycondition.
(b) Consider a 3-asset basket option with zero strike, when the signs of the asset weights Q are a
permutation of (1,1,¡1) or (¡1,¡1,1). This is just an extension of the 2-asset case, where we have
an additional asset instead of the strike. The 3-asset basket option can be priced as a CEO either to
exchange a 2-asset exchange option for the third asset or to exchange two 2-asset exchange options
with a common asset. For example, consider a 3 : 2 : 1 spread option that is commonly traded in
energy markets:










+ ¡ 3[S2T ¡ S1T]
+¤+
.
Here the two CEOs can be priced by dimension reduction by choosing S2 as the numeraire.
In the general case of basket options on N underlying assets, except for the ones discussed above,
the two replicating CEOs are no longer written on plain vanilla or log-normal exchange options,
but on sub-basket options. Since the prices of these sub-basket options are computed as a sum
of prices of CEOs, it is not straightforward to express their processes in a form that would lead
to an exact solution to the basket option price. Thus exact pricing under the strong log-normality
condition is only possible in special cases, and in general we can only ﬁnd an approximate price
under the weak log-normality condition described in the next sub-section.
9Carr [1988] introduced an alternative change of numeraire approach to price sequential exchange options where an
exchange may lead to further exchanges. His approach is based on Geske [1977] and Margrabe [1978] who discuss the
pricing of compound vanilla options and log-normal exchange options respectively. However, he only discusses the
pricing of CEOs on a log-normal exchange option and a log-normal asset that is the same as the asset delivered in the
exchange option. His approach is difﬁcult to extend to higher dimensions and also does not apply to our case where
both the underlying assets of the CEO are options.
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For instance, consider a 4-asset basket option with zero strike. Here we can write the payoff as:










+ ¡ [S2T ¡ S1T]
+¤+
.
Since the two replicating CEOs are written on log-normal exchange options with no common
asset, the CEO prices cannot be priced using theorem 4. Nevertheless, by adjusting the volatilities
of the CEOs under the weak log-normality condition, the sub-basket option price processes can
be approximately described by GBM processes. Then the relative sub-basket option prices follow
approximate log-normal processes and the two replicating CEO prices can be computed by using
the formula of Margrabe [1978].





be a ﬁltered probability space, where W is the set of all possible events
such that (S1t,S2t,...,SNt) 2 (0,¥)N, (Ft)t¸0 is the ﬁltration produced by the sigma algebra of
the N-tuplet (S1t,S2t,...,SNt)t¸0 of asset prices and Q is a multi-variate risk neutral probability
measure. We assume that the underlying asset prices processes Si are described by:
dSit = mi(Sit,t)Sitdt + siSitdWi (19)
hdWit,dWjti = rijdt, 1 · i, j · N,
where Wi are Wiener processes under the risk neutral measure Q, si is the volatility of ith asset
(assumed constant), mi(.) is a well deﬁned function of Sit and t, and rij is the correlation between
ith and jth assets (assumed constant).
To price a European CEO on basket options we need to know the distribution of their payoffs at
time T. We have already discussed the pricing of CEOs when the underlying assets followed GBM
processes, in section 3. Hence we start by describing the price processVN of the basket option on N
assetswhen = ¡1. Asbefore, weassumethatthepricesofthecallandputsub-basketoptionson
m and n assets follow log-normal processes. We then show that, when the basket option volatility
is approximated as a constant, the basket option price process VN can be expressed as a GBM
process. Since Cm, Cn, Pm and Pn are prices of basket options themselves, we may also express
their processes as GBM process if their sub-basket option prices follow log-normal processes. In
the end, an assumption that sub-basket call and put option prices follow log-normal processes
will lead to an approximate log-normal process for the price of a basket option on N assets.
When  = ¡1, the basket option price is computed as a sum of two CEOs - one on two call sub-
basket options and the other on two put sub-basket options. Now, consider the CEO on calls. For
i = m or N, we have
dCit = rCitdt + sCiCitd ˜ Wit, (20)
where sCm, sCn are the volatilities and ˜ Wm, ˜ Wn are the Wiener processes driving the two call basket
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= rE1tdt + å
i=m,n
sCiCitDCitd ˜ Wit. (21)
The price of the CEO on puts E2t will follow a similar process to the one described by equation
(21) with Ci replaced by Pi.10
Then, by equation (4), VNt = E1t + E2t and so we have
dVNt = dE1t + dE2t
= r(E1t + E2t)dt + å
i=m,n
sCiCitDCitd ˜ Wit ¡ å
i=m,n
sPiPitDPitd ˜ Wit




























= rVNtdt + VNt
³
(xmt ¡ hmt)d ˜ Wmt ¡ (xnt ¡ hnt)d ˜ Wnt
´
.




mn d ˜ Wt and gmn
is the correlation between the basket options written on bm and bn. Deﬁne, ˜ smt = (xmt ¡ hmt) and












Then VN can be described as
dVNt = rVNtdt + ˜ stVNtd ˜ Wt, (23)




mt + ˜ s2
nt ¡ 2gmn˜ smt˜ snt, (24)
and the covariance between the sub-basket options written on baskets bm and bn is given by
gmndt = C (bm,bn)
= C (bm1,bn1) ¡ C (bm1,bn2) ¡ C (bm2,bn1) + C (bm2,bn2), (25)
for i = m,n and j = 1,2. C (a,b) is the covariance between the Wiener processes driving the assets
in baskets a and b, and bijs are the sub-baskets of bi, that is, bi = fbi1,bi2g.
10When  = 1, the two CEOs are written on call and put sub-basket options. Their price processes will be similar to
equation (21) but now each has a call and put option component. For instance,
dE1t = rE1tdt + sCmCmtDCmtd ˜ Wmt + sPnPntDPntd ˜ Wnt.
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The weak form of the log-normality condition is most likely to hold when we choose the two
CEOs to be deep in-the-money (ITM). That is, we shall choose the strikes of the sub-basket call
and put options such that the call option on m assets and the put option on n assets are deep












tend to zero. Thus, by choosing the strikes of the sub-basket options so that the basket
option price is obtained from deep ITM call and put options, we may approximate xit and hit as
constants. Thus, xm ¼ sCm, hn ¼ sPn and xn,hm ¼ 0 and we may therefore approximate the basket
option volatility to be constant; ˜ st = ˜ s. The basket option price will then follow an approximate
log-normal process described by
dVNt = rVNtdt + ˜ sVNtd ˜ Wt.
Equation (20), describing the two call sub-basket option prices, can be derived in a similar fashion,
startingwiththeirsub-basketoptionpriceprocesses. Ultimately, whenthesub-basketsizereduces
to one, we will have a plain vanilla option whose processes will be described by equations (9) and
(10).
Theorem 5. Let E1t and E2t be the prices of the two CEOs above. Then the price of the basket option on B







= E1t(Q,St,K,T,w) + E2t(Q,St,K,T,w), (26)
where





































; di2 = di1 ¡ sEi
p
T ¡ t ;
where sE1 and sE2 are the volatilities of the two CEO prices E1 and E2 respectively.
Proof. Recall that Cm, Pm and Cn, Pn are themselves prices of options on baskets of sizes m and n
respectively. Therefore these prices can be computed by applying equation (26) recursively. Their
volatilities sCm, sCn, sPm, and sPn will be given by equation (24). This procedure is followed until
the size of a sub-basket reaches one.
When the size of the basket reduces to one, the basket option price is merely the price of a vanilla
option under the chosen model. Then for St = (Sit), K1 = (Ki) and Q1 = qi, for some 1 · i · N,
the single-asset option price is given by
E1(Q,St,K,T,w) = we
¡r(T¡t)qi (FitTF(wd1) ¡ KiF(wd2)),
E2(Q,St,K,T,w) = 0, (28)
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; d2 = d1 ¡ Si
p
T ¡ t
For instance, when mi = (r ¡ qi) in equation (19), FitT = Site(r¡qi)(T¡t) and Si = si. Or more




















One of the main advantages of our approximation is that we can derive analytic formulae for
the multi-asset option Greeks which, unlike most other approximations, capture the effects that
individual asset’s volatilities and correlations have on the hedge ratios.
Below we present the deltas, gammas and vegas of a basket option; the corresponding formulae
for a rainbow option (or a best-of or worst-of option) would then follow from it’s basket-option
representation, which we have shown how to derive, using the principles of Section 2. Differ-
entiating the basket option price given in theorem 5, using the chain rule, yields the following:
































































delta, gamma and vega of z with respect to x respectively.
5. EMPIRICAL RESULTS
This section describes how to implement our approximation to price a basket option. For illustra-
tion we assume the option is written on four assets, and has payoff [S1 ¡ S2 ¡ S3 + S4]+. The asset
prices follow correlated GBM processes with constant volatilities and correlations. The interest
rate was 4% and dividend yields were assumed to be zero.
We begin with an experiment which takes the model parameters as given, and compares the prices
obtained using our approximation with the prices that are obtained using simulation of the mul-
tivariate log-normal asset price processes. The initial underlying asset prices, basket weights,
11see Pilipovic [2007]
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0.8 1 0.55 0.65
0.6 0.55 1 0.57





FIGURE 3: Comparison of our model prices with simulated prices across various basket option maturities















Following the payoff decomposition discussed in section 2, we can decompose the payoff into a
CEO written on two simple exchange options, each on a pair of assets. By choosing the size of the
sub-baskets to be equal to 2 (i.e. setting k = 2), this can be done in four different ways.12 That is,
the two pairs of assets can be permuted in four different ways. However, due to symmetry, a call
option to exchange asset 1 for 2 is equivalent to a put option to exchange asset 2 for 1. Hence the
permutations (1,2,3,4) and (1,3,2,4) are equivalent to (4,3,2,1) and (4,2,3,1) respectively and
yield the same prices. We therefore evaluate the performance of our approximation for the former
two permutations only, and our experiment will compare our results with the simulated prices.13
We call these permutations p1 and p2.
Figure 3 shows the simulated basket option price and model price under permutations p1 and
p2, with the same set of model parameters, but for different maturities, from 1 to 12 months.
The model price under p2 seems to match the simulated prices closely for all maturities, but this
is not the case when we price the CEO using p1. The price difference between the two permu-
tations mainly arises due to the difference in the way the individual volatilities and correlation
12While there are 4! permutations possible, most of them lead to redundant representations while some others, for
instance, (1,4,2,3), lead to a CEO on two 2-asset options written on the sum of asset prices. This is equivalent to an
exchange option with negative strike.
13We also tried to compute the price of the basket option using the Black-Scholes model. Here we expressed the
basket option as a simple exchange option to exchange a 2-asset basket on assets 1 and 4 for another on assets 2 and 3.
By assuming that the 2-asset basket prices followed GBM processes, price was found using Margrabe [1978]. However
we do not use these prices because they were highly inaccurate, and ranged between 0.5 and 1.5 across all maturities.
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affect the basket option price. In permutation p1, the correlations r12 and r34 affect basket option
price through the exchange option prices and volatilities, while in p2 they affect the price only
through the correlation g between the sub-baskets. A similar argument applies to r13 and r24
in permutations p2 and p1. The approximation error creeps in while approximating the basket
option volatility, as in equation (24), whose sensitivity to different correlations depends on the
chosen permutation.
The results in ﬁgure 3 are for a particular choice of volatilities and correlations for the underly-
ing assets. In order to check the performance of our approximation with other correlation values,
we calculated our model prices, and the simulated prices, for a random sample of uniformly dis-
tributed correlation matrices. The maturity of the basket option was 6 months. We calculated
the range of our model prices, and the range of simulated prices, as the correlation matrices were
changed randomly. The minimum and maximum simulated prices were 2.12 and 10.61 respec-
tively, while the minimum model prices under permutations p1 and p2 were 0.2 and 1.13, and the
maximum model prices were 10.48 and 10.83 respectively. Hence, the simulated prices form a
subset of the possible model prices under permutation p2.
We now move to an illustration of how to price a basket option in practice. Instead, we would
want to calibrate the model parameters, including the volatilities and correlations to match the
benchmark price. For an N-asset basket option, there are N asset price volatility and N(N ¡ 1)/2
correlation parameters and there are inﬁnitely many possible combinations of values for which
the model price of the basket option would be equal to its market price, if indeed a sufﬁciently
liquid market price exists. But not all values will yield implied volatility and implied correlation
skew consistent prices and hedge ratios.
Our approximation provides a natural convention for choosing the underlying asset volatilities;
they should be set equal to the implied volatilities of the vanilla options on individual assets with
the strikes that appear in the terminal step of the recursive procedure. For instance, in the present
example, for the exchange option on assets 1 and 2, s1 will be equal to the implied volatility of an
option on S1 with strike S2, and s2 will be equal to the implied volatility of an option on S2 with
strike S1. The volatilities s3 and s4 are chosen in a similar manner. This yields prices and hedge
ratios that are volatility skew consistent.
Secondly, certain asset correlations will be set equal to the implied correlations that are backed-out
from the market prices of any liquid spread options, or 2-asset basket options, using the volatilities
that are calibrated as above. Then we calibrate the remaining correlations so that the basket option
model prices under different permutations match each other. This way we eliminate any bias from
using a certain permutation.
As in the speciﬁc example discussed above, the way that different correlations affect the basket
option price depends on the chosen permutation. For a given permutation, correlations between
assets that appear in different legs of the tree (ﬁgure 1) affect the basket option price only through
the correlation g between the sub-basket options. However, if the assets belong to the same leg
of the tree, then the correlations between these assets affect the basket option price through the
sub-basket prices and the sub-basket volatilitites. For instance, recall that in permutation p1 the
correlations r12 and r34 affect the basket option price through the two exchange option prices,
whereas in permutation p2 they affect the basket option price through the CEO price. Therefore,
depending on the chosen permutation, these correlation values affect the price in a different man-
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ner. A similar argument applies to correlations r13 and r24.
To illustrate this, in ﬁgure 4 we plot the squared difference between the prices from permuta-
tions p1 and p2 against these correlations. We compute the price differences for a correlation, rij,
by using the value for all the other parameters given by (30) and we only vary the value of that
particular correlation, shown on the horizontal axis. However, these correlation values were con-
strained, in order to keep the sub-basket correlation, given by equation (25), within ¡1 and 1.
Figure 4 shows that the prices from permutations p1 and p2 can indeed be matched by calibrating
the correlations. For instance, the two basket option prices will be equal when r12 is 0.61, r34= 0.01,
r13 = 0.3 and r24 = 0.73.14
FIGURE 4: Squared difference between our model prices from permutations (1,2,3,4) and (1,3,2,4)





























Thirdly, irrespective of the permutation, some correlations only affect the sub-basket option corre-
lation g and not the sub-basket option prices or volatilities. Therefore, these would not have been
calibrated in the previous step, but they can be calibrated now by matching the model price to
the benchmark price of the basket option. In the basket option considered above, for example, the
correlations r23 and r14, unlike the rest, affect the basket option price only through the sub-basket
correlation g. While the other correlations were tuned to match the prices obtained under the two
possible permutations p1 and p2, r23 and r14 can be used to calibrate the model price to the market
price of the basket option. For a given value of r12, r34, r13 and r24, we only need to choose r23 and
r14 such that the model price is equal to the market price. Although this procedure does not al-
ways identify a unique values for each correlation, it identiﬁes the vanilla options and sub-basket
options that replicate the basket option.
Figure 5 plots the behaviour of the basket option price with respect to these correlations, when
r12 = 0.6 and when 0.9. For example, if the benchmark price for the basket option were 6, as
indicated by the dotted horizontal line in the ﬁgure, then we would calibrate the following values
14The convexity of the r34 curve in the region of 0 is very low, but there is actually only one value for which the two
prices are equal.
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FIGURE 5: Basket option price variation with respect to correlation between assets 1 and 4, and assets 2
and 3























FIGURE 6: Deltas with respect to all 4 underlying asset prices
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of r23 and r14. For r12 = 0.6, r23 and r14 will be equal to 0.4 and 0.04 respectively; and for r12 = 0.9,
r23 and r14 will be equal to 0.5 and 0.14 respectively.
Finally ﬁgure 6 plots the deltas of the basket option with respect to the four underlying assets.
These were computed using equation (29). Due to the positive weights of assets 1 and 4, the deltas
withrespecttothoseassetpricesresemblethedeltaofavanillacalloption, whereasthedeltaswith
respect to prices of assets 2 and 3 resemble the delta of a vanilla put option, due to their negative
weights. For the parameter values given in (30), the basket option is at the money with respect to
every underlying asset. That is, the price of every asset is equal to the weighted sum of prices of
the other 3 assets. However, due to differences in their volatilities and correlations, the respective
deltas at the given price values are different from each other. For instance, at S1 = 100, D1 ¼ 0.5
while at S2 = 90, D2 ¼ ¡0.4. This property is not captured by any other existing approaches
to analytic approximations for multi-asset options, because they ignore the effects of asset price
volatilities and correlations on the basket option deltas.
6. CONCLUSION
This paper develops a recursive framework for pricing and hedging multi-asset options, such as
basket and rainbow options, with a linear payoff structure. Most of the existing approaches to
pricing basket options are based on approximating the distribution of the basket price, or they are
limited to pricing average price basket options, or they apply only to options on a small number
of assets. We derive an approximate pricing formula for a general, N-asset basket option, by
expressing the basket option price as a sum of prices of compound exchange options on sub-
basket options. For an N-asset basket option, our approach involves computing the prices of
2(N ¡ 1) compound exchange options and N vanilla option prices. The approximation error can
be minimised by a judicious choice of the strikes of these N vanilla options on the individual
assets. We discuss the extension of our approximation to other linear multi-asset options, such
as rainbows, best-of and worst-of options, where we express their price in terms of basket option
and simple exchange option prices. Also, when the basket contains no more than three assets, our
approach yields an almost exact price.
This recursive approach has several advantages over those already developed in the literature.
Firstly, the underlying asset prices may follow heterogeneous GBM processes. For instance, some
asset prices could follow mean-reverting processes whilst others follow standard GBM processes.
Secondly, our framework provides a convention for selecting the implied volatilities of vanilla
options on the individual underlying assets that are used to price the basket option. This yields
volatility skew consistent prices. Moreover, our prices may also be consistent with implied corre-
lations from any two-asset options used in the calibration set, although there is no convention for
setting these, as we have for the implied volatilities. Thirdly, we can derive analytic approxima-
tions for multi-asset option Greeks, and unlike other approaches, these Greeks will be inﬂuenced
by the individual asset price volatilities and correlations. Hence hedge ratios are consistent with
the individual asset implied volatility and implied correlation skews. Finally, we have demon-
strated how to calibrate the model parameters using a 4-asset rainbow option as an example.
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